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Abstract

Background: Social networking site use and social network–based health information seeking behavior have proliferated to
the point that the lines between seeking health information from credible social network–based sources and the decision to seek
medical care or attempt to treat oneself have become blurred.

Objective: We contribute to emerging research on health information seeking behavior by investigating demographic factors,
social media use for health information seeking purposes, and the relationship between health information seeking and occurrences
of self-treatment.

Methods: Data were collected from an online survey in which participants were asked to describe sociodemographic factors
about themselves, social media use patterns, perceptions about their motivations for health information seeking on social media
platforms, and whether or not they attempted self-treatment after their social media–related health information seeking. We
conducted a binomial logistic regression with self-treatment as a dichotomous categorical dependent variable.

Results: Results indicate that significant predictors of self-treatment based on information obtained from social networking
sites include race, exercise frequency, and degree of trust in the health-related information received.

Conclusions: With an understanding of how sociodemographic factors might influence the decision to self-treat based on
information obtained from social networking sites, health care providers can assist patients by educating them on credible social
network–based sources of health information and discussing the importance of seeking medical advice from a health care provider.

(Online J Public Health Inform 2023;15:e51984) doi: 10.2196/51984
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Introduction

Health information seeking behavior (HISB) has garnered much
research attention during a time of nearly ubiquitous access to
information. The digital landscape is continuously evolving,
and people are constantly “plugged in.” The seemingly
free-flowing availability of information from numerous digital
platforms has begun to influence how people seek out
health-related information and how this information is used in

the context of subsequent health-related behaviors. While
concrete definitions of HISB remain mixed, there is some
research consensus that HISB can be understood as having two
dimensions: one dimension is associated with the extent to
which health information is sought and the other dimension is
associated with the method by which the information is sought
[1]. This research study aims to add to the existing body of
knowledge concerned with this second dimension, the method
by which HISB occurs. Extant research related to HISB tends
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to focus primarily on the use of the internet as the method of
information seeking. In our context, we specifically explore the
role that social networking platforms play in HISB.

Percheski and Hargittai [2] studied the HISB exhibited among
college students and found that HISB was more likely to occur
in younger women. This finding signals a recurring theme in
HISB-related research as it concerns the factors that predict
HISB. Wang et al [3] investigated social determinants of HISB
and demonstrated that sociodemographic factors (ie, age, gender,
education level, physical activity, smoking status, and income
level) can explain the likelihood that an individual will engage
in HISB. Some of these determinants are consistent even when
the locale, the sample characteristics, and the information
platforms are changed. The study by Wang et al [3] benefited
from a relatively general population sample of adults in Hong
Kong, and it explored a number of different platforms by which
HISB was conducted, including television, radio, and the
internet. Basch et al [4] conducted a study that sampled college
students and found that HISB was more likely to be exhibited
by students who identified as female and students who identified
as non-White. The findings from Basch et al [4] are similar to
the findings from Percheski and Hargittai [2], with both studies
having focused on HISB among college students. Both Percheski
and Hargittai [2] and Basch et al [4] highlight a greater
likelihood of HISB occurring among younger women. These
prior studies demonstrate the influence that demographic factors
have on HISB.

Other research has been dedicated to understanding the
motivations behind HISB. Motivation to engage in HISB has
been attributed to the information seeker possessing a known
health concern [5]. In some cases, health information seekers
have sought health information on social networks prior to
actually being seen by a health care provider [6]. HISB has been
linked to the presence of chronic illnesses. Health information
seekers with chronic illnesses, particularly those who have more
than one chronic illness, tend to be more frequent users of the
internet for health information seeking purposes [7]. In addition
to these intrinsic motivations to seek health information, HISB
is often encouraged by health care providers. Much has been
researched in the way of promoting self-engagement in one’s
own care. HISB has been promoted by health care providers as
a means to facilitate patient engagement [8].

As more and more people have turned to social network–based
resources, researchers have cautioned us about 2 salient issues
with this type of HISB: the quality of the health-related
information available on social networks and disparities in
access to this information across different groups of people [9].
Because the level of expertise and credibility of some social
network–based health information sources are highly subjective,
there are mixed perceptions about the amount of trust that health
information seekers put into the quality of the information that
they find [10]. As it relates to disparate access to social
network–based health information, information seekers who
have limited internet access or limited literacy in the use of the
internet are unable to access this health information in the same
way as literate users with unlimited access to the internet. This
digital divide and the resulting inequity across sociodemographic
groups has been studied in a broad context as it relates to the

internet [11-14]. Feng and Xie [15] have gone as far as to say
that this digital divide also manifests in disparate access to
online health information as a function of disparate access to
social networking sites.

We incorporate what we have learned from extant research
about HISB and aim this study at filling gaps in the existing
body of knowledge for HISB. Specifically, we explore the
sociodemographic determinants of HISB with the hope of
identifying some new, previously undocumented determinant
or alternatively, adding to the generalizability of previous
researchers’ work by conducting our study with a relatively
general population sample of health information seekers. The
study also aims to create a better understanding of the influence
that perceptions about chronic diseases and the trustworthiness
of health information obtained from social networking sites
have on a health-related outcome, in this case self-treatment.
We also consider the role that provider trust may play in
affecting how HISB may result in an occurrence of
self-treatment. We position this study as a response to the call
for additional research into how health information seeking
might influence health management and to elucidate additional
facets of HISB [16].

The study poses 4 research questions (RQs). RQ1: What are
the sociodemographic factors that influence social networking
site use for social network–based HISB? RQ2: Is health
information seeking with social networking sites a function of
perceived health condition or a function of trust in the
information found? RQ3: What is the role of provider trust in
the use of social networking sites for health information seeking?
RQ4: Does health information seeking using social networking
sites result in episodes of self-treatment?

Methods

Overview
A pilot survey was developed to capture responses from
participants that would provide insight into sociodemographic
factors, perceptions about social networking site use to obtain
health-related information, perceptions about their own health
status, trust in the health-related information received from
social media platforms, level of trust in their health care
provider, and whether or not they attempted self-treatment after
seeking health-related information on social networking
platforms.

Ethical Considerations
The survey was reviewed by the institutional review board at
the University of North Carolina at Charlotte (18-0521). Links
to the survey were distributed electronically on social media
platforms, including Facebook, Instagram, Twitter, Google+,
and LinkedIn. The survey link was also distributed via direct
email to contacts known by the authors. The survey link also
included an informed consent form for respondents to
acknowledge in order to proceed to the survey. Participation in
the survey was completely optional, and responses were
anonymized so that individuals who participated in the survey
could not be identified.
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Sociodemographic Factors
The electronic survey captured 6 sociodemographic factors that
were used to describe characteristics of the survey respondents.
Each factor was measured as a categorical variable and
subsequently dummy coded for the logistic regression. These
factors were all treated as independent variables in the logistic
regression model. Sociodemographic factors included race, age,
gender, education level, health status, and exercise frequency.

Race
Respondents were able to self-identify their race by choosing
from 1 of 7 options. The categories for race included Native
American, Hispanic, African American, White, multiracial,
Asian, and other. For the purposes of the logistic regression,
White was designated as the reference category to which all the
other racial categories would be compared.

Age
The age of each respondent was measured as 1 of 5 different
age groups. The age groups that were provided for respondents
to choose were 18-20 years, 20-30 years, 30-40 years, 40-50
years, and >50 years.

Gender
Three options to record gender were provided. Respondents
self-identified as either male, female, or other. The provision
of only 3 options to record gender will be addressed later in the
paper as a limitation of the study in fully capturing the
expanding options that are available for individuals to
self-identify their gender.

Education
There were 6 options available for respondents to record the
highest level of education that they had achieved. The options
included “did not complete high school,” “diploma (high
school),” “2-year degree,” “4-year degree,” “master’s degree,”
and “doctoral degree.”

Health Status
Health status was recorded as 1 of 5 options that allowed
respondents to self-report whether they were in perfect health
or had a chronic disease. This survey item was analyzed as the
variable “HealthStatus” and identified whether a person reported
being in perfect health, had 1 chronic illness, had 2 chronic
illnesses, had 3 chronic illnesses, or had more than 3 chronic
illnesses.

Exercise Frequency
In an effort to understand the impact that exercise, identified
here as a measure of health-seeking behavior, has on health
information seeking, and ultimately the propensity to attempt
self-treatment, respondents were asked to report the frequency
with which they engaged in some form of exercise. Responses
to this survey item were “never,” “once per week,” “2-3 times
per week,” and “>3 times per week.”

Provider Trust
To obtain perceptions about the level of provider trust among
the survey respondents, the survey included the item “Describe
your level of trust in your health care provider.” Responses were

measured with a 3-point Likert scale. The response options were
1=“I do not trust what my health care provider tells me,” 2=“I
somewhat trust what my health care provider tells me,” and
3=“I trust everything that my health care provider tells me.”

Social Network Health Information Impact
A survey item was included to assess perceptions about the
potential impact that health information received from social
networking sites might have on actual health seeking behavior.
Respondents were asked, “To what degree does information
from social media sites affect your health seeking behavior?”
Response options were 1=“not much,” 2=“somewhat,” and
3=“very much.” The item was intended to capture the level at
which respondents incorporate health information received from
social networking sites into their self-treatment.

Social Network Health Information Trust
To explore respondent perceptions about the level of trust that
they had in health-related information obtained from social
networking sites, respondents were asked, “Describe the level
of trust that you have in health-related information that you
obtain from social media sites.” Response options were 1=“I
do not trust the information,” 2=“I somewhat trust the
information,” and 3=“I trust the information.”

Perceived Susceptibility
Perceived susceptibility represents the level to which a person
believes that they might be at risk of contracting a particular
health condition [17]. Respondents were asked to indicate their
self-perception of the likelihood that they would contract a
serious condition by responding to the following survey item:
“Using the scale below, rate how susceptible you think you are
to disease.” Response options were chosen from a 7-point Likert
scale with the terminal values of 1=“very strongly disagree” to
7=“very strongly agree.”

Improvement in Health Status Because of Social
Network Health Information
Respondents were asked explicitly if they believed that they
had improved their health status because of information that
they obtained while seeking health-related information on social
networking sites. The survey item was presented as, “I believe
that I have improved my health because of information that I
have found on social media.” Available response options for
this survey item were presented on a 7-point Likert scale with
terminal values of 1=“very strongly disagree” and 7=“very
strongly agree.”

Self-Treatment
Self-treatment as a function of assimilating health information
obtained from social networking sites was recorded as a binary
categorical variable. The survey item was presented as “Do you
try to treat yourself after obtaining health information from
social media?” Respondents selected 1 for “yes” and 0 for “no.”
This application of the dependent variable as a dichotomous
measure lends itself to the use of logistic regression as a method
of analysis [18]. The logistic regression was conducted in
RStudio (Posit Software).
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Results

Data were obtained from 166 respondents. After eliminating
28 incomplete surveys, another 31 surveys were eliminated
from the study because of missing values. The elimination of
incomplete surveys and surveys with missing values resulted
in a sample size of n=107. The sample of survey respondents
represents a cross-section of social network–based health

information seekers in the United States. Representation of the
survey respondents by race was skewed, however, due to the
majority of the respondents identifying as predominantly African
American or White. The race of the survey respondents was
nearly evenly distributed between African American (n=44,
41.1%) and White (n=50, 46.7%) individuals, with smaller
percentage distributions for the other racial groups that were
represented (Table 1).

Table 1. Sociodemographic characteristics of survey respondents (n=107).

Respondents, n (%)Characteristics

Race

44 (41.1)African American

3 (2.8)Asian

3 (2.8)Hispanic

4 (3.7)Multiracial

2 (1.9)Native American

1 (0.9)Other

50 (46.7)White

Age group (years)

14 (13.1)>50

7 (6.5)18-20

38 (35.5)20-30

21 (19.6)30-40

27 (25.2)40-50

Gender

77 (71.9)Female

29 (27.1)Male

1 (0.9)Other

Education

16 (14.9)Diploma (high school)

15 (14)2-year degree

38 (35.5)4-year degree

31 (29)Master’s degree

7 (6.5)Doctoral degree

Health status

25 (23.4)1 chronic illness

8 (7.5)2 chronic illnesses

2 (1.9)3 chronic illnesses

1 (0.9)>3 chronic illnesses

71 (66.4)Perfectly healthy

Exercise frequency

22 (20.6)>3 times per week

34 (31.8)2-3 times per week

27 (25.2)Once per week

24 (22.4)Never
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Respondents were primarily aged between 20-30 years (n=38,
35.5%). The second largest age group represented in the
respondent sample was the group of respondents who identified
as being aged between 40-50 years (n=27, 25.2%). Respondents
identified predominantly as female (n=77, 71.9%). The
remaining survey respondents identified as male (n=29, 27.1%)
or other (n=1, 0.9%). The majority of survey respondents had
obtained a degree from a 4-year institution (n=38, 35.5%). Most
respondents indicated that they were in perfect health (n=71,
66.4%). Frequency of exercise was reported as occurring most
often between 2 to 3 times per week.

Most respondents (n=62, 58%) indicated that they somewhat
trust the health-related information that they receive from their
health care provider (Table 2). When asked whether they thought
that the health-related information that they found on social
networking sites was impactful to their health-seeking behavior,
most respondents (n=58, 54.2%) selected the option “not much.”

Most respondents (n=75, 70.1%) “somewhat trust” the
health-related information that they obtain from social
networking sites. When asked if they felt that they were
susceptible to disease, respondents provided mixed responses
with a nearly even split between “neutral” (n=32, 29.9%) and
“agree” (n=33, 30.8%). The majority of respondents (n=43,
40.2%) were “neutral” in their responses about whether the
health information that they obtained on social networking sites
actually helped them improve their health status.

Episodes of self-treatment after social network–based health
information seeking were reported by a minority of survey
respondents (n=41, 38.3%). The majority of respondents
reported that they did not attempt to treat themselves after
obtaining health information from social networking sites (Table
3).

Table 2. Distribution of responses (n=107).

Respondents, n (%)Responses

Provider trust

2 (1.9)Do not trust information from provider

62 (58)Somewhat trust information from provider

43 (40.2)Trust information from provider

Impact of information

58 (54.2)Not much

40 (37.4)Somewhat

9 (8.4)Very much

Trust in social network health information

26 (24.3)Do not trust the information

75 (70.1)Somewhat trust the information

6 (5.6)Trust the information

Perceived susceptibility

4 (3.7)Very strongly disagree

16 (15)Strongly disagree

16 (15)Disagree

32 (29.9)Neutral

33 (30.8)Agree

5 (4.7)Strongly agree

1 (0.9)Very strongly agree

Improved health status

10 (9.4)Very strongly disagree

5 (4.7)Strongly disagree

13 (12.2)Disagree

43 (40.2)Neutral

25 (23.4)Agree

9 (8.4)Strongly agree

2 (1.2)Very strongly agree
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Table 3. Self-treatment among respondents (n=107).

Respondents, n (%)Responses

Self-treatment

66 (61.7)No

41 (38.3)Yes

Although the majority of survey respondents reported that they
did not attempt self-treatment after seeking health information
from social networking sites, a moderately accurate predictive
model was able to be defined. Assessing the number of “true
positives” (the number of actual and predicted respondents who
admitted self-treatment) along with the number of “true
negatives” (the number of actual and predicted respondents who
did not self-treat) resulted in an overall model accuracy of 78.5%
and a sensitivity rate of 70.73% (Table 4).

Prior to conducting the logistic regression, we assessed our
variables of interest to determine if there were any significant
interitem correlations. We include the correlation matrix in
Multimedia Appendix 1. We noted significant correlations
between ExerciseFreq_3 and ExerciseFreq_2 (r=–.396; P<.001).
ExerciseFeq_4 was significantly correlated with both
ExerciseFreq_2 (r=–.296; P=.002) and ExcerciseFreq_3
(r=–.347; P<.001). Depending on the frequency at which
respondents indicated that they exercised, they were less likely
to exercise in a lower frequency category. SMITrust2 was
significantly correlated with ExerciseFreq_2 (r=.191; P=.048).
For respondents who indicated that they “somewhat trust” the
information that they found on social media networks, they
were also likely to indicate that they exercised approximately
one time per week. SMITrust3 was significantly correlated with
SMITrust2 (r=–.373; P<.001), indicating that if a respondent
indicated that they “trust the information” that they found on
social media network sites, they were less likely to respond that
they “somewhat trust” the information that they found on social
networking sites.

The results of the binomial logistic regression revealed that
significant predictors of self-treatment after health information
seeking on social networking sites include the level of trust in
the information obtained from the social networking site, race
(African American), and exercise frequency (Table 5).

Trust in the health-related information obtained from social
networking sites was represented by the variables
SMITrust1=“do not trust the information,”
SMITrust2=“somewhat trust the information,” and
SMITrust3=“trust the information.” Of these trust variables,
only SMITrust2 (β=1.8695; P=.01) and SMITrust3 (β=3.7162;
P=.02) were statistically significant. Respondents who
“somewhat trust” the health information they obtain from social
networking sites were 6.5 times (odds ratio [OR] 6.4849, 95%
CI 1.66-3.52E+01) more likely to self-treat as compared to the
reference group of individuals who did not trust the information
on social networking sites. Individuals who “trust” the health
information that they obtain from social networking sites were
nearly 41 times (OR 41.1090, 95% CI 2.78-1.51E+03) more
likely to self-treat than those who did not trust health
information from social networking sites.

Race significantly predicted self-treatment but only among
respondents who identified as African American (β=1.4413;
P=.005). African Americans were 4 times (OR 4.2261, 95% CI
1.59-1.20E+01) more likely than their White counterparts to
self-treat after obtaining health-related information from social
networking sites.

Frequency of exercise significantly predicted self-treatment
among respondents who stated that they exercised more than 3
times per week (β=-2.5437; P=.005). We note the negative
coefficient for exercising more than 3 times per week and
interpret this inverse relationship between frequent exercise and
self-treatment. This finding suggests that respondents who more
frequently engage in some form of exercise are actually less
likely to self-treat as a result of health information seeking with
social networking sites. While the odds ratio for this group of
respondents was small (OR 0.0786, 95% CI .011-4.11E-01),
the negative association between exercising more than 3 times
per week and self-treatment is still statistically significant.

In terms of goodness-of-fit, the final model demonstrated a
statistically significant improvement over the null model. Results
of the log likelihood ratio test were as follows: Δdf=–11;

ΔLogLikelihood=–21.756; χ2
11=43.513 (P<.001). The final

model resulted in a pseudo R2 of 0.3055. Because of the nature
of logistic regression, we are cautious about stating that the
model explains 31% of the variance in self-treatment. The

pseudo R2 reported here is based on the McFadden R2. The same

model produced a pseudo R2 of 0.331432 according to the Cox

and Snell method and a pseudo R2 of 0.454083 according to the
Nagelkerke method.

Sociodemographic factors identified in this study as predictors
of social network–based health information seeking include
trust in the information obtained from the social networking
site, race, and exercise frequency. Health information seeking
on social networking sites appears to be motivated by trust in
the health information more than the criticality of the current
health condition. We included provider trust as a variable in
our logistic regression models, but provider trust did not
significantly predict self-treatment as a result of social
network–based HISB. Our final regression model supports a
significant association between self-treatment and social
network–based health information seeking.

To compare the results of our logistic regression to other
methods of analysis, we conducted a number of post hoc tests.
These post hoc tests serve as a robustness check of our findings.
For the relationship between race and self-treatment, we
conducted a chi-square test. The chi-square test supported a
significant relationship between identifying as African American
and identifying as someone who sought self-treatment
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(χ2
1,107=10.822; P<.001). Similar chi-square tests were done

for exercise frequency and social media information trust. For

social media information trust, SMITrust2 (χ2
1,107=5.450;

P=.02), and for exercise frequency, ExerciseFreq >3 times per

week (χ2
1,107=7.138; P=.008) were found to be significantly

associated with self-treatment. We observed similar results

when we applied the Fisher exact test with each of the
independent variables of race, exercise frequency, and social
media information trust. The results of the Fisher exact tests
were all significant (P=.001) indicating a significant association
between the independent variables and the dichotomous
dependent variable, self-treatment.

Table 4. Classification table. Accuracy: (29 + 55) / 107 = 0.7850; sensitivity: 29 / (29 + 12) = 0.7073

Predicted absence of self-treatmentPredicted self-treatment

1229Actual self-treatment (n=41)

5511Actual absence of self-treatment (n=66)

6740Total (n=107)

Table 5. Factors that influence self-treatment after social network–based health information seeking.

Odds ratio (95% CIa)P valuezSEβ

0.1731 (0.030-7.42E-01).03–2.1920.8001–1.7536(Intercept)

6.4849 (1.66-3.52E+01).012.4590.76031.8695SMITrust2

41.1090 (2.78-1.51E+03).022.41.54853.7162SMITrust3

Race

4.2261 (1.59-1.20E+01).0052.8120.51251.4413African American

0.0000 (N/Ab-7.18E+114).99–0.0082161.7013–16.3986Asian

0.0000 (N/A-1.33E+107).99–0.0082027.1618–16.4948Hispanic

9.0472 (0.760-2.41E+02).111.6181.36132.2025Multiracial

0.0000 (N/A-3.03E+1.39).99–0.0082162.8038–16.4862Native American

0.0000 (N/A-infc).99–0.0043956.1804–15.8124Other

ExerciseFreq

0.0786 (0.011-4.11E-01).005–2.830.899–2.5437>3 times per week

0.3082 (0.072-1.20E+00).09–1.6590.7094–1.1772-3 times per week

0.5414 (0.122-2.23E+00).40–0.8370.7327–0.6136Once per week

aSome CIs were incalculable because of how the software used treats dummy-coded variables for race.
bN/A: not applicable.
cinf: infinite.

Discussion

While health information seeking theory remains fragmented,
we have identified that sociodemographic factors can at least
partially predict self-treatment as a result of health information
seeking on social networking sites. Our findings highlight the
need for caution as it relates to the quality of health information
that is made available on social networking sites. Providers can
capitalize on the level of trust that health information seekers
place in the information that they find on social networking
sites by developing a web presence for their medical practices
on social media networking sites. Our results demonstrate that
when health information seekers trust or even somewhat trust
the information they obtain on social networking sites,
self-treatment is more likely to occur. Whether this

self-treatment is efficacious lies beyond the scope of this
research study.

Our research also emphasizes the need to be concerned with
the use of social networking sites for health information seeking
purposes among the African American community. Our results
suggest that African Americans are more likely to self-treat
after obtaining health-related information from social
networking sites. This assumes that the health information seeker
has successfully navigated the digital divide that historically
has been an obstacle in the African American community
[19-23].

Within our pilot study, we note a number of limitations. Among
these limitations is the unbalanced representation of different
racial groups. Our study results were based on responses from
people who identified predominantly as White or African
American. A more comprehensive study should include a
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broader sampling strategy with more equitable representation
between racial groups. Similarly, gender was captured in a
predominantly binomial fashion. Future research on health
information seeking should consider multiple gender
classifications in an effort to understand more nuanced HISB.
A more comprehensive study should also attempt to achieve a
much larger sample size to improve the generalizability of the

findings that we report. An additional complicating factor that
must be considered for future research on health information
seeking is the likely emergence of a propensity for individuals
to increase their use of social networking sites as a source of
health-related information in a postpandemic era, wherein
attempts at self-treatment might increase as a direct result of
fear of contracting COVID-19 as a result of seeing a provider.

Acknowledgments
The authors would like to thank the survey respondents who took the time to complete the online survey that made this research
contribution possible. We also extend our gratitude to the editors and peer reviewers who reviewed our work.

Conflicts of Interest
None declared.

Multimedia Appendix 1
Correlation matrix.
[DOCX File , 16 KB-Multimedia Appendix 1]

References

1. Lambert SD, Loiselle CG. Health information seeking behavior. Qual Health Res. Oct 2007;17(8):1006-1019. [doi:
10.1177/1049732307305199] [Medline: 17928475]

2. Percheski C, Hargittai E. Health information-seeking in the digital age. J Am Coll Health. 2011;59(5):379-386. [doi:
10.1080/07448481.2010.513406] [Medline: 21500056]

3. Wang MP, Viswanath K, Lam TH, Wang X, Chan SS. Social determinants of health information seeking among Chinese
adults in Hong Kong. PLoS One. 2013;8(8):e73049. [FREE Full text] [doi: 10.1371/journal.pone.0073049] [Medline:
24009729]

4. Basch CH, MacLean SA, Romero R, Ethan D. Health information seeking behavior among college students. J Community
Health. Dec 2018;43(6):1094-1099. [doi: 10.1007/s10900-018-0526-9] [Medline: 29779074]

5. Ybarra ML, Suman M. Help seeking behavior and the Internet: a national survey. Int J Med Inform. Jan 2006;75(1):29-41.
[doi: 10.1016/j.ijmedinf.2005.07.029] [Medline: 16129659]

6. Jacobs W, Amuta AO, Jeon KC. Health information seeking in the digital age: An analysis of health information seeking
behavior among US adults. Cogent Social Sciences. Mar 13, 2017;3(1):1302785. [FREE Full text] [doi:
10.1080/23311886.2017.1302785]

7. Ayers SL, Kronenfeld JJ. Chronic illness and health-seeking information on the Internet. Health (London). Jul
2007;11(3):327-347. [doi: 10.1177/1363459307077547] [Medline: 17606698]

8. Graffigna G, Barello S, Bonanomi A, Riva G. Factors affecting patients' online health information-seeking behaviours:
The role of the Patient Health Engagement (PHE) Model. Patient Educ Couns. Oct 2017;100(10):1918-1927. [doi:
10.1016/j.pec.2017.05.033] [Medline: 28583722]

9. Cline RJ, Haynes KM. Consumer health information seeking on the Internet: the state of the art. Health Educ Res. Dec
2001;16(6):671-692. [doi: 10.1093/her/16.6.671] [Medline: 11780707]

10. Gray NJ, Klein JD, Noyce PR, Sesselberg TS, Cantrill JA. Health information-seeking behaviour in adolescence: the place
of the internet. Soc Sci Med. Apr 2005;60(7):1467-1478. [doi: 10.1016/j.socscimed.2004.08.010] [Medline: 15652680]

11. Bachl M. Online health information seeking in Europe: Do digital divides persist? SC|M. 2016;5(4):427-453. [FREE Full
text] [doi: 10.5771/2192-4007-2016-4-427]

12. Voelker R. Seniors seeking health information need help crossing "digital divide". JAMA. Mar 16, 2005;293(11):1310-1312.
[doi: 10.1001/jama.293.11.1310] [Medline: 15769951]

13. Hale TM, Cotten SR, Drentea P, Goldner M. Rural-urban differences in general and health-related internet use. Am Behav
Sci. Mar 09, 2010;53(9):1304-1325. [doi: 10.1177/0002764210361685]

14. Jiang S, Liu PL. Digital divide and Internet health information seeking among cancer survivors: A trend analysis from 2011
to 2017. Psychooncology. Jan 2020;29(1):61-67. [doi: 10.1002/pon.5247] [Medline: 31652360]

15. Feng Y, Xie W. Digital divide 2.0: the role of social networking sites in seeking health information online from a longitudinal
perspective. J Health Commun. 2015;20(1):60-68. [doi: 10.1080/10810730.2014.906522] [Medline: 25119019]

16. Anker AE, Reinhart AM, Feeley TH. Health information seeking: a review of measures and methods. Patient Educ Couns.
Mar 2011;82(3):346-354. [doi: 10.1016/j.pec.2010.12.008] [Medline: 21239134]

17. Rosenstock IM. Historical origins of the Health Belief Model. Health Educ Monogr. Dec 01, 1974;2(4):328-335. [doi:
10.1177/109019817400200403]

Online J Public Health Inform 2023 | vol. 15 | e51984 | p. 8https://ojphi.jmir.org/2023/1/e51984
(page number not for citation purposes)

Silver & JohnsonONLINE JOURNAL OF PUBLIC HEALTH INFORMATICS

XSL•FO
RenderX

https://jmir.org/api/download?alt_name=ojphi_v15i1e51984_app1.docx&filename=03478fb212c9dfd9d636e7016064824b.docx
https://jmir.org/api/download?alt_name=ojphi_v15i1e51984_app1.docx&filename=03478fb212c9dfd9d636e7016064824b.docx
http://dx.doi.org/10.1177/1049732307305199
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17928475&dopt=Abstract
http://dx.doi.org/10.1080/07448481.2010.513406
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21500056&dopt=Abstract
https://dx.plos.org/10.1371/journal.pone.0073049
http://dx.doi.org/10.1371/journal.pone.0073049
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24009729&dopt=Abstract
http://dx.doi.org/10.1007/s10900-018-0526-9
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=29779074&dopt=Abstract
http://dx.doi.org/10.1016/j.ijmedinf.2005.07.029
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16129659&dopt=Abstract
https://www.tandfonline.com/doi/full/10.1080/23311886.2017.1302785
http://dx.doi.org/10.1080/23311886.2017.1302785
http://dx.doi.org/10.1177/1363459307077547
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=17606698&dopt=Abstract
http://dx.doi.org/10.1016/j.pec.2017.05.033
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28583722&dopt=Abstract
http://dx.doi.org/10.1093/her/16.6.671
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=11780707&dopt=Abstract
http://dx.doi.org/10.1016/j.socscimed.2004.08.010
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15652680&dopt=Abstract
https://www.nomos-elibrary.de/10.5771/2192-4007-2016-4-I/titelei-inhaltsverzeichnis-jahrgang-5-2016-heft-4?page=1
https://www.nomos-elibrary.de/10.5771/2192-4007-2016-4-I/titelei-inhaltsverzeichnis-jahrgang-5-2016-heft-4?page=1
http://dx.doi.org/10.5771/2192-4007-2016-4-427
http://dx.doi.org/10.1001/jama.293.11.1310
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=15769951&dopt=Abstract
http://dx.doi.org/10.1177/0002764210361685
http://dx.doi.org/10.1002/pon.5247
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=31652360&dopt=Abstract
http://dx.doi.org/10.1080/10810730.2014.906522
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25119019&dopt=Abstract
http://dx.doi.org/10.1016/j.pec.2010.12.008
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21239134&dopt=Abstract
http://dx.doi.org/10.1177/109019817400200403
http://www.w3.org/Style/XSL
http://www.renderx.com/


18. Agresti A. An Introduction to Categorical Data Analysis: Second Edition. Hoboken, NJ. John Wiley & Sons; 2006.
19. Powe BD. Health information seeking among rural African Americans, Caucasians, and Hispanics: it is built, did they

come? Nurs Clin North Am. Sep 2015;50(3):531-543. [doi: 10.1016/j.cnur.2015.05.007] [Medline: 26333608]
20. Wilson KR, Wallin JS, Reiser C. Social stratification and the digital divide. Soc Sci Comput Rev. Aug 18,

2016;21(2):133-143. [doi: 10.1177/0894439303021002001]
21. Hoffman DL, Novak TP. Bridging the racial divide on the internet. Science. Apr 17, 1998;280(5362):390-391. [doi:

10.1126/science.280.5362.390]
22. Chakraborty J, Bosman MM. Measuring the digital divide in the United States: race, income, and personal computer

ownership. Prof Geogr. Aug 2005;57(3):395-410. [doi: 10.1111/j.0033-0124.2005.00486.x]
23. Lorence DP, Park H, Fox S. Racial disparities in health information access: resilience of the digital divide. J Med Syst.

Aug 2006;30(4):241-249. [doi: 10.1007/s10916-005-9003-y] [Medline: 16978003]

Abbreviations
HISB: health information seeking behavior
OR: odds ratio
RQ: research question

Edited by E Mensah; submitted 18.08.23; peer-reviewed by C McNeal, Y Lu; comments to author 09.09.23; revised version received
23.11.23; accepted 03.12.23; published 20.12.23

Please cite as:
Silver RA, Johnson C
Health Information Seeking Behavior on Social Networking Sites and Self-Treatment: Pilot Survey Study
Online J Public Health Inform 2023;15:e51984
URL: https://ojphi.jmir.org/2023/1/e51984
doi: 10.2196/51984
PMID: 38179207

©Reginald A Silver, Chandrika Johnson. Originally published in the Online Journal of Public Health Informatics
(https://ojphi.jmir.org/), 20.12.2023. This is an open-access article distributed under the terms of the Creative Commons Attribution
License (https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction in any
medium, provided the original work, first published in the Online Journal of Public Health Informatics, is properly cited. The
complete bibliographic information, a link to the original publication on https://ojphi.jmir.org/, as well as this copyright and
license information must be included.

Online J Public Health Inform 2023 | vol. 15 | e51984 | p. 9https://ojphi.jmir.org/2023/1/e51984
(page number not for citation purposes)

Silver & JohnsonONLINE JOURNAL OF PUBLIC HEALTH INFORMATICS

XSL•FO
RenderX

http://dx.doi.org/10.1016/j.cnur.2015.05.007
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26333608&dopt=Abstract
http://dx.doi.org/10.1177/0894439303021002001
http://dx.doi.org/10.1126/science.280.5362.390
http://dx.doi.org/10.1111/j.0033-0124.2005.00486.x
http://dx.doi.org/10.1007/s10916-005-9003-y
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16978003&dopt=Abstract
https://ojphi.jmir.org/2023/1/e51984
http://dx.doi.org/10.2196/51984
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=38179207&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

